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Solving MOPZ NSGA-II ;

A fast and elitist multiobjective genetic algorithm: NSGA-II [PDF] from hwrf.com.cn

Authors Kalyanmoy Deb. Amrit Pratap. Sameer Agarwal. TAMT Meyarivan
Fublication date  2002:4
Journal  Evolutionary Computation. IEEE Transactions on
Volume B
Issue 2
Fages 182-197
Fublizher IEEE
Description  Abstract—Riultiobjective evolutionary algorithms (EAs) that use nondominated sorting and
sharing have been criticized mainly for their: 13 3) computational complexity iwhere is the
number of objectives and is the population size); 2} nonelitism approach: and 3} the need for
specifying a sharing parameter. In this paper, we suggest a nondominated sorting-based

multiobjective EA (IMOEA), called nondominated sorting genetic algorithm Il (NSGA-I1}, which
alleviates aTHhe above three difficulties. Specifically. a fast nondominated sorting ...
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Solving MOPZ by Non-dominated Genetic Algorithm NSGA-II ;
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Solving MOPZ by Non-dominated Genetic Algorithm NSGA-II ;
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Solving MOP2 by Non-dominated Genetic Algorithm NSGA-II ;
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* Objective #1:

Min = 0.026446

Max = 0.97435

Range = 0.9479

Standard Deviation = 0.24701
Mean = 0.61068

Objective #2:
Min = 0.025768
Max = 0.96818
Range = 0.94241
Standard Deviation = 0.23759
Mean = 0.57964

VY




Y4/ Y/ ETY

V¥

(MOEA/D) caso @103 83 by 3038 slay) y (,3i5as adanris (S)lw aisgy ¢33
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