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Offensive Language Detection using Artificial Neural Network
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https://en.wikipedia.org/wiki/Sentiment_analysis
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https://en.wikipedia.org/wiki/Web_scraping

Web crawling using web scraping
Data aredivided into three:
training data,
validation data and testing data.
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{“ kamu tau babi gak ”, “ habis kesabaran saya
anjing ”, “ liat ada anjing "}

{*kamu”: 0, “tau”: 1, “babi”: 2, “gak”: 3,
“habis”: 4, “kesabaran”: 5, “saya”: 6,
“anjing”: 7, “liat”: 8, “ada”: 9}



Fig. 3. Dataset conversion to vocab vector
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TABLE L DATA LABELLING

Teks | Label | Category
<p>kamu tau babi gak?</p> 0 Non-offensive
Habis kesabaran gua anjing 1 Of fensive

Liat ada njing

Hon-offensive
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RESULT ACCURACY

Dataset

Accuracy
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Adding hidden layer in the model

changing the activation function using RelU
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